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Inductive bias is not important
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LEAP [Jiang et al. 24] shows that Transformers learn epipolar geometry

Scene Level View Synthesis L el View Synthesi

Rendered Novel Views

Unlabeled Data

g g IE Video Frames

LVSM [Jin et al. 25] Rayzer [Jiang et al. 25]



Line structures are not preserved

[Sarkar et al. 24]

Perspective geometry is not preserved



Lack of 3D data
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Many 3D inductive biases
* Physical feasibility
* Topological priors (e.g., connected, #holes)

* Geometric priors (e.g., part/deformation
structures)

* Function priors (e.g., interactions of humans)



Network Design
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Regularization Losses
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GenAnalysis [Yang et al. 25]
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